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Background

Lack of existing literature involving theory and
evidence based digital health behaviour change
interventions (DHBCIs) targeting midlife women 4

* DHBCIs underpinned by behaviour change
theory can provide individual states of a person’s
status (e.g., activity, emotions) and support
Improvements in unhealthy lifestyle behaviours
(e.g., unhealthy diet, sedentary behaviour) °

Methods

Multi-study (e.g., systematic review, focus groups,
co-production), mixed-methods desigh underpinned

by the BCW 8, COM-B®, TDF’, overlayed with
complementary model of PBA'" and MOST 2 frmk

o Utilising 32 BCTs (BCTTv1 %) to operationalise
components of complex interventions ©

* Multiple modalities (e.g., EMA, fithess tracker,
surveys) used in data collection

Results

Participants: UK-residing midlife women (N=37)
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average age 48 years (range 40-65 years)
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made me feel so much better.” (age: 44 years)
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1. The feasibility, acceptability, and preliminary improvements™ in all target behaviours,demonstrate that defining group:level
intervention components (specific to a group of UK-residing midlife women) can provide the foundation for improving
personalisation of interventions to individuals or groups of individuals

2. Greater between- and within-person variability in the target behaviours indicate that there is an opportunity to address inter-
and intra-individual fluctuations through further improved individualisation of the intervention components

3. Inthe next study, we are therefore taking the first step in utilising machine learning (ML) to identify groups of predictors, linked
to BCTs (based on this dataset and design), with the greatest contribution to predicting each intervention outcome

Limitations: Feasibility study -> No conclusions can be made on the effectiveness of the intervention or on the effectiveness of the BCTs. See
the next poster on how we identified the most relevant BCTs in predicting each intervention outcome, using ML with this the dataset.
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